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: tll'\msforrecovenngmeserepresenmonsfrom noisy datasets, and on fully-auto-

~ In this paper, afterdosmbmgmautomateddetectorofsurfacedatapomswe
Manandyucshapompresemauonabngwmmemlatedrecoveryalgumm
'Timwadescnbeasetoflocalandglobala-oshapedesmptorsdemedfrom
.~ this representation. Results of their application to static and dynamic images are
. Surtace Data Extraction
~ The surface recovery method described in the next section requires the
. knowledge of a set of datapoints belonging to the surface of the anatomical
. _structure of interest. These points are obtained with an automated neural-network-
based boundary detector that we developed in previous research [1,2]. The
-8ystem has been improved for working on tomographic image sequences and
‘mnmdudesaMendlyuser-mterfacewh»ch speeds up remarkably the network
: g phase.
Basleany each image of the structure of interest undergoes the following
processes: a) edge detection with the well-known method of finding the zero-
0SSINgs ofheumageﬁkeredeaLaplaaan—of-Gauss:anmask b) edge-seg-
detection by firstly linking the edges into curves and then splitting them into
roctilinearsegmems c) neural classification of the edge-segments as
'boundary-of-mterest’byauly-oonnectedfeedforwardnewalnet-
. The edges represented by segments marked as “boundary-of-interest” are
ded into the set of datapoints belonging to the surface of the structure of
t. As an example, Fig. 1 shows an MR slice of the head (upper-left), the
d edges (upper-right), the related edge-segments (lower-left)-and the
S labeled as “skin" by the neural classifier (lower-right).












